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The resulting domain
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features.
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Different image patches
and different object tokens
may exhibit different
domain characteristics.
— They need to be aligned
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H-l Diverged domain- S Method Backbone | Detector Pseudo-Label | person | rider | car | truck | bus | train | motor | bike | mAP
/" specific feature Domain-invariant features I MTTrans [37] zcovi2o R50 Deform-Detr Yes 477 | 499 [ 652 258 (459338 32.6 [465] 434
4 L_ N PT [7] jcpmr 22 V16 | Faster R-CNN Yes 432 | 524 | 634 | 334 |56.6|37.8| 41.3 |48.7| 47.1

source Encoder Layer Decoder Layer —. TDD 28] cvpprss R50 | Faster R-CNN Yes 50.7 | 53.7 | 68.2| 35.1 | 53.0|45.1 | 38.9 |49.1| 49.2

AT [44] zvnirss V16 | Faster R-CNN Yes 455 | 55.1 |64.2| 350 (563|543 | 38.5 |51.9| 50.9

ﬂ ﬂ AT* [44] cvpr' 22 V16 | Faster R-CNN Yes 44.1 | 542 | 62.7 | 33.6 | 544|519 | 39.2 |49.2| 49.5

5%@ ﬂ source PDN [] 7panr’ o1 R101 | Faster R-CNN No 328 | 44.4 [49.6 | 33.0 | 46.1 | 38.0 | 29.9 | 35.3 | 38.6

SRS ICCR-VDD [87] rccvi21 R50 | Faster R-CNN No 334 | 44.0 |51.7 | 339 | 52.0 | 34.7 | 342 | 36.8 | 40.0

\_Decrease gap Y SEA [B2] scaransoa R50 Deform-Detr No 46.5 | 48.6.|62.6| 25.1 462|294 | 283 |44.0| 41.3

Encoder Layer Decoder Layer Domain-specific features D MGADA [ 74] cypr’22 R101 | FCOS No 43.1 | 47.3 |61.5]| 30.2 | 532|503 | 279 |36.9| 43.8

[ I N\ SIGMA [43] cvpr’ 2o R50 | FCOS No 440 | 439 | 603 | 31.6 | 504 | 51.5| 31.7 |40.6 | 442

| = " N—_ AQT 351 jicaiton R50 Deform-Detr No 493 | 523 | 64.4 | 27.7 |53.7|46.5| 36.0 |46.4 | 47.1

= | L t di6e AQT* 381 1rcurso R50 | DAB-Deform-Detr No 498 | 542 |65.8|29.0 |56.2|37.5| 389 [482| 474
CNN e om0 % A" BiADT R50 | DAB-Deform-Detr No 50.3 | 56.4 | 66.5 | 32.5 | 52.3 | 47.8 | 40.1 |48.3 | 49.3

—> - e BiADT+AQT R50 DAB-Deform-Detr No 50.1 | 554 | 679 | 31.5 | 56.1 | 46.8 | 38.6 | 49.3 | 49.6
source BiADT+TS R50 DAB-Deform-Detr Yes 522 | 589 [69.2| 31.7 | 55.0|45.1 | 42.6 |51.3| 50.8
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An overview of BIADT

We design two
attention modules to
align the two domains
bidirectionally.

— This Is seamlessly
integrated in existing
attention modules.
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Bidirectional Domain Alignment
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Comparison with SOTA on the Cityscapes — FoggyCityscapes domain shift.
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