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Problem Statement

Stochastic activity a random number of actors,
parts, ana@onfigurations

Our Approach

Probabilistic modeling of hierarchical and alternative
configurations, grounded onto Bag of Worgs\{V)

Contributions

A Activity representationsingSPN[1]:
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A New \olleyball Dataset

Low Level T Counting Grid

Posterior probability oBoW on a Counting Grid [2]:
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Model T SPN

Volleyball Dataset
A Classes: settinthe ball to front/back leftright, or middle
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A Datasespecifications:
Videos per class 40 videos (2Q@rain, 20 test
Resolution 848x480 pixels
Length: 4 seconds with 30 frames per secong
A Groundtruth annotations are provided in terms of boundirg
boxesaround the volleyball players engaged indiavity
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Results on the Volleyball, VIRAT, UT datasets. The green boxes are tl
foreground boxes highlighting the activity in the video.

Dataset Varl Var2 Var3 |3]
UT [4] Ztv Gt & zralGta y v G wal Y Xdi
KTH [5] {wd Gtav {vad Gta {sa Gvd { ud
VIRAT [6] yxd Gud ytavG va yry Gva X Z&%
\Volleyball | x{& Gv& XVt GV& w i Guy W X

Average classification accuracy of our approach using different varjar
on KTH, UT , VIRAT, and Volleyball datasets.
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