
Challenges of Action Segmentation:

➢ Ambiguous boundaries, long videos, computational costs.

Limitations of Prior Work: 

➢Reliance on pre-computed features from unrelated tasks. 

➢Separates frame analysis and action segment modeling.

➢Large models with high complexity or disjoint training stages.

➢Limited augmentation strategies for entire action instances.

Our Key Contributions:

➢ End-to-End Training: 

• Processes raw RGB frames directly to segmentation. 

• Enables efficient backbone fine-tuning with CE Adapters

➢ Segmentation-by-Detection Framework: 

• Predicts action proposals on downsampled frames.

• Aggregates at full frame rate for accuracy and efficiency.

➢ Proposal-Based Data Augmentation: 

• Removes confident action proposals dynamically

• Mimics and generalizes to real-world test-time uncertainty.
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EAST Architecture:

➢ Backbone: Pretrained ViT-G network fine-tuned with CEAs.
➢ Detector: Generates action proposals and initial frame labels.

➢ Integrator: Aggregates proposals for frame prediction.

➢ Refinement: Temporal Convolutional Network

 

Contract-Expand Adapter:

➢ Compresses and expands temporal features with spatial pooling.

➢ Reduces computational load compared to prior adapters.

➢ Fast convergence and improved performance.
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